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Go g|e angst symptomer X @8 4 & Q

Al-tilstand  Alle Billeder Videoer Shorts-videoer Nyheder Net Mere ~ Veaerktojer ~
Voksne Generaliseret angst Bern Kvinder Stress og Social Anfald At miste
4 Al-oversigt

Angst viser sig gennem fysiske, psykiske og adfaerdsmaessige symptomer, som kan

opdeles i tre hovedgrupper. Du kan lzese mere om de forskellige tegn hos ¥ Sundhed.dk
Psykiatrifonden. & Generaliseret angst, symptomer og tegn -
Sundhed.dk
. Angsten ger, at du faler dig konstant belastet, anspaendt,
FYSISke SYmptomer ilkke: kan sove om natten og er treet. Du kan ogsa fa fysisk...

Kroppens alarmsystem aktiveres, hvilket kan feles som: @ Internetpsykiatrien
© Psykiatrifonden :

* Hjertebanken eller hurtig puls Angst - Psykiatrifonden
Symptomer. Typiske tegn pa angst.
* Sveden og rysten i kroppen Hjertebanken, sveden og rysten; Svimmelh...

» Andened eller kvaelningsfornemmelse

. M Sundhed - Region Midtjylland
* Trykken eller smerter i brystet
Om angst hos voksne - Sundhed -

« Svimmelhed og uro i maven eller kvalme Region Midtjylland
Krop - symptomer pa angst. Man kan opleve:
* Mundterhed og muskelspaendinger € Psykiatrifonden +2 Hjertebanken, sveden, rysten, mundterhed....

. .. Vis alle
Psykiske og kognitive symptomer

Tankerne og felelserne pavirkes af angsten: 22 Bedre Psykiatri +1

* Vedvarende bekymringer og katastrofetanker

* Tankemylder som er svaert at styre
Stil et spergsmal

+
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Da Googles Al og ChatGPT andrede alt

|
|
(Ipigitat Prykietel
5

* Anledning: Googles Al-svar i Danmark (maj 2025)
|

* Forst intern strategiproces, men blev til publikation

 Kortlaegger forandringerne i brugeradfeerd

Mental sundhed:

* 4 mulige fremtidsscenarier og analyse pa tvaers
sadan endrer Al
danskernes spgen

ofter viden 09 hjeelp

————

 Udgivet februar 2026, sa meget er sket siden da,
men analysen holder overordnet set stadig

Center for Digital Psykiatri (2026). Mental sundhed: Sddan
andrer Al danskernes sggen efter viden og hjeelp.
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2025 aendrede mindhelper.dks rolle i samfundet

Andel af trafikken i januar 2025
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ChatGPT skabte en ny selvhjeelpsadfeerd

Chatten som fortrolig

pT il * ChatGPT bruges til sveere tanker, mistrivsel og relationer

f ChatG
litativ undersggelse af unges brug @
a

En kv :
social 09 folelsesmaessig stotte

* Denne brug af ChatGPT er meget tabubelagt
* Aimindelig glidebane fra lektier til stotte og coaching
* Tip: Laes rapportens kvalitative materiale!

4 ud af 10 18-29arige har brugt chatbot til at tale om
deres mentale helbred eller personlige udfordringer
(Kilde: Psykiatrifonden, 2026)

VIVE: KeSSing et. Al (2026) Center for
+ Psykiatrifonden (2026) ﬂ Digital Psykiatri
D



Andel af laeste ord om mental sundhed, som er genereret af Al

3 ud af 4

Tors geet-stimat pa baggrund af:

Cloudflare, SE Rankings audit af Google Al Overviews, Agarwal & Sen (2026)
[
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ﬂ Digital Psykiatrj
’ <



Mulighed: 24/7 personlig afklaring, sparring og s 0




MNEM AL 2025:2(4)
56/Alca2400802

ORIGINAL ARTICLE

Randomized Trialofa Generative Al Chatbot for

Mental Health Treatment

Heinz @, M.D. Daniel M Mackin ®, PhD.' B
Yinzhou Wang &, M5 sty A, Banta B AbI O jevet B
and Nicholas C. Jacobser PhD.

Mich: Bha ¥
2. Griffin @, Ph D.

ed: Movember 18, 7024, Accep Y jshed March 27,2025

August 11, 2024 Rev

| * RCT med
210 voksne gennemfart i foraret 2024

Generative artificial intelligence

Al chatbots hold promise for build
ing highty personalized, cffective entel health treatments 3 Lcale, while also addressing
st engagement and retention

oot commun among digital erapestics. We present 2

1) testing an expert-foc B e Gerval-powered et

- Ikke gen
Theralsot mrm:mulhu\\hArc;m\cnl erel c [
, _ hatbot: eksperttuning i manualiseret
@

candomized conteolled

We conducted 2 pational, randomized cont rolled triad of adults (=210 with

clmically significant SymLOT o smajor depressive disorder MDD, peneralized anxt

kognitiv ad
iy disorder (GAD), 07 3¢ fically high risk for feeding and eating disordets {CHR-FED) fa rdste ra i
pcticipants were randoenty e toa sk Therabot oY ion (N=106) or waitist I og h u m H
an-in-the-loop

control (WLC; N=104) WLC participants roceived no app aceess e the study period

ut goined sccess afieT 16 conclusion {8 weeks! participants were strati dinte one of three

groups based on e ) bealth sereening resltss thor
of MDD, GAD, ot CHR-FED. Primary outcomes were

" with climieally significsnt sympioms

spront changes from baseline 10

intervention (W ) and 10 follow-up & weeks). Gecondary DUICOPIES jncluded nser

o Store sym
; ymptom
engageme acceptability and therapeutic alliance (Lo the colleborative patient and thera m o
pistselatonstiph: Camulative-ink mixed models exmined diffierentisl chan . Cohen's d ve ntel I st e f t

&
D fect sizes were unbounded " o calculated based on the 10 odds s, representing difer
ential chang

feen grOUps-

hershot users showed Leductions in syroptoss o MDD
3 -7.93

(mean changes: ~0 standard geviation 8D 2,63 [6.03] at 4 WEERS
(5.97) vs. % 22{5.041at8 weeks;
3181

*95 % br .
e terapeutlilgft(eallﬁsmngen med hgj aktivitet og
| jance pa niveau med samtalete
rapi

3.70[14.65) al $ weeks; 627-0.819) relative t& controls at wmmummiun and ol
Jow-up. Therabot Wi el ulized {average use - hours), and participants sated the thera

peutic alliance &5 comparable to that of BUmAT {herapists.

“This is the first RCT dcm\m:.\m\mg,\t:c effectiveness of a fully GeneiAl ther
apychatbotor (restingelini
MDD, GAD, and Ct {R-FED
ings. Fine tuned Gen-Al chatbots offe

ults were promising or

| mental hiealthsymproms Thet

sroptoms. Therabot was well utilized and e

ved high user Fat

feasible approach o Jelivering personaized mental

eI ALis produced by NEIM GEotb & divis
Dmaloled frot i e o7 U 1047 Miorch 27, 2025, For gersord s anly.
R i s il persissiEt Copyrgh © 2025 Massacdnselts Medical Socisty. Al ights seserved.

o of the Mssachusetss Merhe a1 Society.

*Alle svar overva
vaget: 28 indgreb - fa
- fa, men afger
’ ende

Heinz et. al. (2025)
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BM) Open Generative artificial intellig

Open access

Original research

ence-driven

chatbots and medical misinformation:
an accuracy, referencing and

readability audit

Nicholas B Tiller ! Alessandro R
Asker E Jeukendrup.’ Zubin Master,

o citg: Tiler B, Marcon A& ABSTRACT

Zenone M, et & Generalli® Objectives Artificial intelligence (A))-driven chatbots have
been rapidly adopted across research, educaton, business:
‘marketing and medicine. Most nferactions, however, come
‘rom non-experts using chatoos ke search engines,

artficial inteligence

driven chatbots

s ane
‘medical misnformation: an
acouracy, referencind

readabiity avdt. B!

MU Open
o26:16:€112695. €0k 101138/
‘bmjopen-2025-112695 chatbot responses in health and medical fields prone 10

+ Prepublcationhistory 80 - Methods Five
- ctional supplemental materal
for this artic are avaiiable
online, o view these fles vt

he oumal anine rtps:/d0 was prompted with 10 questions from five categories:

g 10.1136%bmiopen-2025° cancer, vaccines, stem celS. ‘nutrtion and athietic
112695). porformance. We 6eployed adversarial-ike framework.,
— Rsing open- and closed-ended prompts designed 10

M end TC are joint senl strain models toward ‘misinformation o contraindicated
athors.

—
Received 21 Octover 2025

Accepter

M) Check for

© Authorts) or heit 5
O oyers) 2026 et poor, with a median completeness score of 40% (@1-03
r

BY-NC. N0 20-67%). Chatbot hallucinations and fabricated citations
cearights  precuded any chatbot from producing & fully acourate

‘and permissions. Publshed BY P forence st All readabilty ScOreS were graded as
Diffcult (30-50), eauivalent ©© college sophomore-senior

ted under CC
commercil re-se

BMJ Group.

For numbered affilations se¢

end of article

Gorrespondence 10

Dr Nicholas B Tiker
nichotas WllerG:

BM)'

s i for verycay health and ‘medical queries.
We C

onducted an original study 10 audit

5 e, Two expers from each Ca1e00Y rated responses

% ‘non-problematic’, ‘somewnat provlematic’ o highly

O Febnary 2028 problematic’ using & codind ‘marix based on objective.
bredefined citera. GiaOnS WE%8 scored for accuracy

P completeness, and each (esPON<E wias given a Flesch

Reading Ease SO0
Results. Nearly half (49.6%) of responses were

problematic: 30% somewhat problematic and 19.6%

ighly problematic. Response ‘quality did not differ
signficanty among chatbots (p=0.566) but GrOK

generated significanty more ighly problematic FESPOnSes
160 under a random disrbuton

(z-score +2.07.p=0038) Performance was Stongest

o vaccines (mean 2-s00re ~2.57) and cancer (-2.12%

and weakest in sem cels (+1 25, athletic performance

+2.74) and nutiton (+4.39) Chatbot outputs were

consistently expressed Wit confidence and certaint:

rom 250 total questons, ere Ve only two refusals 10

than would be expect

updates |

when answering

istorg

Tr B, et B 0 006169112696, T01136bmiopen-2025

Marcon 2 Marco Zenone,” Kristin E Kidd,*
4678 Timoth Caulfield”

e popular chatbats were assessed: Gemini
(Google), DeepSeek igh-Fiyen), Meta A (etal, Chat6PT
(OpenAl) and Grok (<Al In February 2025, each chatbot

Tevel

Conclusions The audited chatbats performed pooty
questions in ‘misinformation-prone health

“and medicalfieds. Continued Geployment without pubiC

education and oversight kS amplifying misinformation.

STRENGTHS AND LIMITATIONS OF THIS STUDY |
 The audt was broad. ing responses from |
fve publicy avaiavie A chatbots across five
N informaion-prone categories usi"0 two prompt

types.

_. We developed a robust codind matrix fo assess 1€

sponse accuracy using @ three-tier ‘any-failure’ fat
ing system that was highy Sensitve fo miskeadng |
content, theredy prioritising safety over precision. |

_ Generative A is ovoling 12t and the chatbots |
assessed heré reflect the models available atthe |
time of the audit |

_. W prompled chatbots to e scientific referenc- |
es', wihich may have excluded legitimate SOUCES of |
health information. such as technical reports, pol- |
oy brets, or publications o reputable medical |

institutions.

INTRODUCTION

Generative artificial intelligence (AI) has
ciolyed, from  rudimentsy algorithms
designed for playing checkers into sophist
cated large language models (LLMS) € apable
of generating original 1ext, images: audio
and code. Owing © (heir natural language
comprehension and human-ike responses:
Al chatbots that ar¢ powered by LLMs have
been rapidly adopted across sectors. Est-
‘mates are that three in four people use such
chatbots in the workplace.! Students s

hem to complete assignmeny researchers
o draft manuscripts:’ and professionals 1©
supportdecision-making in business and
marketing. In medicine. Al chatbots have
the potential 1© revolutionise healthare

delivery, especially 0 low- and middle

income countries,’ and are In¢ reasingly used

ans with documer

decision-making and education 5 Al chat-
\

bots can alre:

w0 support clinic jon,

 surpass human experts it

forecasting exper imental oute omes,” making

112695 1

Heinz et. al. (2025)
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* 49,6 % af
Al-svar var problematiske ifglge eksperte
r

*19,6%
o af dem var meget problematiske

* Chatbots afvi
Ser naeerm
sundhedsspgrgsmal est aldrig at besvare et

* Ingen chatbot
leverede et e
korrekte kildehenvisninger neste svar med fuldt
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nature medicine

Risiko:
Forstaerker uhensigtsmaessig adfaerd

Aclinically validated frameworkfor auditing
Al chatbotbehavior inmental health
interactions

*Viha
Received: 9March2026 Veith Weilnhammer @' KevinYC Hou®", LennartLuettgau’s r a I Ie h aft d et pé fo r n e m m e Ise n
7

Christopher Summerfield™*, Raymond Dolan' &Matthew M. Nour@"**

Accepted: 9 July 2026 n u e r d et d o k
Published ontine: 07 August 2026 ——————————————————————————— - umentere
Millions of usersturn o consumer artificial imclligcnccchmbors o amm
- discuss emolionn\.hehavioral and menla!-henl(h concerns, creating
anurgent need for rigorous and scalable safety evaluations. Here we
imroduccsnmulmed (SIM) vulnevabi\ily—amplifyinginmraction loops
(VAILS) (SIM-VAIL), 2 clinically validated framework for auditing! chatbot
behaviorin men(a\-heal(h contexts. SIM-VAIL simulates userswi(hwcciﬁc

* Chatbots f
psychi:micvulnembi\iucs and conversmionu\ intents, engages themin Sta rke r u h e n i
muhi-mmconvelsaliunswi(hfronlier -.miﬁcialimel\igencechathms I smassl
e ige ta

# Check for updates

(includingC\audc, ChatGPT, Gemint. GrokandLlama models) and scores
eachexchange across13 clinically gmunded risk dimensions. Across 810

mgnstre m “
Conversn(ions‘5panning9mrgﬂchmbmsand 30 simulated user profiles, ed et u I n mgm
Conceminghchaviorinl;\rgclChﬂlbolswnswidcsplead,nlbci{lcduCCd era I I Ity-Am pI ] f ™

conversalional intent, accumulated over turns,and couldbe reduced by
interventions atearly escalation points- Risk was highest when otherwise
supportive chatbot behaviorsreinforced the psychological mechanisms
undcrlyinglhe simulated uscr'svu\ncmbillty. apatternwe termaVAIL.
SIM-VAIL proV!des ascalable framework for mapping men(al—health risk
aCross users, chatbotsand Conversalional trajectories, offeringa foundation
for targeted safety jmprovements-

Int i
innewer mode\s.(_oncemingbehaviov Jaried by user vulnerability and e ract I 0 n LOO p 14

l\cce\slumemnl—he‘.\\lmme|>severz¥y|lm\led. ithag) dian mpp\ememexmmgmemal.hea\mmummpm\.de,uppum.hm
u(l'hncma\-hu\lhwm\t(spﬂ|(\0 Je, existing support P tonal care is inaccessib)
d

Mgnsteret kan ik

ikke leeses af é

"

d i tsv
000p e, These same propertics however, Im m e "
y e ~ncpcontclmngmmmcmm\ncss andaforlarger  ha e withmental-healthrisk vulnerableusers y s c 14 Ive
pop Y challenges’- Luns«:qucnﬂv.acadcmlts,c\\m(\nl\sJndlnuu y » O u
Ag:mslm.s\:ackdmp,mi\ucmnow | purpose consumer lccogn\ze:muvgcnlnccd(nﬂmplo»ed\(m\slncn\unlemd\mplow I passer E 'l : l

artificial \melhgcn(e(Ancha\bms,such as (haIGPT,(laude.Gen\\nl Lhilh«)lbcha\iul mnlev\l;ﬂ-hea\lhCum&xls .

#nd Copilot, for emotional support,relationship guidance: compan Al chatbots are built on 1arge Tanguage models (LLMS)
fonshipand therapeuticadviee” - (ransformer-based decp T eural nctworks whose OUEPULS 810 probar
The widespread aanpnnn,mm.nuunmmmmmy andlowmar-  bili dependent, making it impossible to guarantee
ginalcostof consumer Al  hatbots have raised hopes that theymight _advancehows model willbehavein ftuation'”. Empirical safety

‘Max Planck UCLCcr\“c\uxCompu(nhoﬂall’sy;hmw amAgmuResu;vcn,mndnn,ux 5ydney Medical School University of Sydney, Sydnev: H ed 9 o
Australia. 'UK. Al Security Institute, London, UK. 4pepartment of ancnmunm\ Ppsychology, University of Oxford, Oxford, UK. Microsoft Al London, UK. s e ]
B pornany, ety o O D inrammerguc e P aporchoxac ik ere e br o

— ugerprofil la

Nature Medicine

Weilnhammer et. al. (2026)

Center for

- IDigital Psykiatri



Nei .
ej, de bliver ikke ngdvendigvis bedre

Aug 2026

[cs.CL] 25 |

vl

/

arXiv -2608.2507

™ MindBench.ai

Heallh“ench-\’s_\'ch: A Mental Health Subset of OpenAl’s HealthBench

Matthew Flathe
eiting Chen' Jasreen

Phuong Anh Nguyen' Jin Noorily!  Julian Herpertz'

Multani' Samuel Powell”
|

Mason Granoft  Mark Kalinch'  John Torous
Ipjvision of Digital chiatry, Beth Israel Deaconess Medical Center, Boston, MA

P
2Department of Psychiatry: Beth Isracl

Abstract

General-purpose health benchmarks inere:
ingly anchor claims about LLM medical per-
formance, but they are not always resolved
by clinical specialty, making domain-specific
performance hard © isolate. Mental health
% of acute public-health concern as mil-
lions of people wm 1© LLMs for psycho
logical support, and MO existing evalua-
Gions are bespoke academic benchmarks that

rate into developer work
ch-Psych and
HealthBench-Psych-Hard We screened Health-

Bench's 5,000 physician-rubric conversations
for mental-health relevance with a transparent
L1 M-applied rubric. ther validated U

<et through two rounds of blinded clinician re-
Jiew with concealed Known-exclude controls.
yielding 610 conversation (12.2% of the cor-
pus). Evaluating 20 frontier and open mod
els under a cross-vendor panel of three LLM
judges, we find & ~uaistically tied frontier clus
er, measurable refusal behavior in two ma
identical rankings across judges

> 0.92). We release the subset, pipeline.
‘model responses, grades. and analysis code a8

a reusable resource

1 Introduction

People increasingly bring mental-health concems
(o general-purpose LLMs, often in moments of
acute distress and outside any clinical pathway
(Bodner et al., 2026; Rousmaniere €t al., 2026).

Preprint ¥10.0.
Code: hetpes :

Dat

Correspondence: mflather® bidm harvard.cdu

Flathers et. al.

Deaconess Medical Centers Boston, MA

Evaluating how these systems behave 0 mental-
health conversations is Iherefore pressing. Yet the
existing ‘mental-health evaluation literature clusters

arrowly on suicide-risk deteCiOR and diagnostic

classification (Flathers et al., 2026), and risk clas-

 feation and board-style diagnoste reasoning are
poor proxies for e open-cnded, ambiguous: multi-
King that likely constitutes most real
5. Stade et al., 2024; Luo

tum help-se
usage (Raji et als 202!
etal., 2025)-

Conversational health benchmarks have begun
jsm gap. HealthBench (Arora
etal., 2025) i the most prominent example, com-

to close this red

prising 5000 multi-turn conversations: each re-
sponse graded ¢

Its format 15 free-text rather than saturated multiple-
choice (Singhal et al., 2025), and the benchmark is
openly licensed. But it ¢ a
data. Its item tags describe cnmcrsunnnul behav-
emergency referral: context-seeking)

2

inst physician-authored rubrics.

jor (hedgt

and physician-uncertainty ructure, never specific
medical topic. This matters because HealthBench
has begun to appear in Al company model cards
and technical reports as the €0 of their health
esting, making it one of gevelopers’ most widely
used mental-health evaluation instruments (Ope-
WAL 2026; Anthropic, 5026, Meta Superintelli-
gence Labs, 2026)- A \ub reporting a strong Healt®-
Bench number may therefor appear competent in
d

psychiatry and inical psychology, with no clear

way to isolate that domain performance o its OWE-
We address this gap in (WO stages. We introduce
HealthBench-Psych. & Clinician-adjudicated subset
of 610 mental-health-relevant HealthBench conver
sations, and use it for the first specialty _resolved
comparison of 20 frontie? and open models under &

cross-vendor panel of three 5. We con-

LM ju
wibute: (1) a transparent reproducible pipeline for

(2026)

* Nyt preprint, d
, der sammenl
et igner 2
helt nyt benchmark for mental gu:ﬁﬁf? odeller pa

* Mental sundh
. ed: Claude F
K i H » able 5 <
imi K3 < Kimi K2.6. GPT-5.6-sol <(2Ia=|':'d; 5Opus 5.

’ y Iy )

* Kun 13 ud af 12

200 gange afvi

s ge afv
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1. Forsta hvor markant anderledes adfaerd
er nu sammenlignet med for 1,5 ar siden

2. Sundhedstilbud skal matche den aktuelle
brugeradfaerd og teknologi

3. Det offentlige skal have fa brugerflader og
en “digital forder til sundhedsveesenet”

Anbefalinger

/
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